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1. Cross-Domain Setting
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3. Experiments
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2. Our proposed method (SharedGate Net)
- Our proposed method is based on Biaffine model Biaffine [ Bizﬁre_l__ | Bi:fﬁ,ne_]_
[Dozat andManning, 2017]. / T T
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- We jointly train domain-specific models that are / :
comprised of two components: Bi-LSTMs % % %
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« Shared LSTMs : Domain-invariant features OOOOJ a ~(0000) — - »[oooo/A .
» Not-Shared LSTMs : Domain-specific features OOOO OOOO (Sleele)
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30 4. Conclusion
20
o L  We have proposed a domain adaptation technique with adversarial training for parsing.
- By applying it on the recent state-of-the-art graph-based dependency parsing model with Bi-LSTMs,
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we obtained a consistent score improvement, especially for the treebanks having less training data.




